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o FEBIEGHANFIEREERN
o feIEfERILRIFGEIL
o miTEEREILE MM FEInsight
o THREATEIE
o BREEE E¥E (Natural Language Processing)
o EE4E % (Information Retrieval)
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Text analysis involves information retrieval, lexical analysis to study
word frequency distributions, pattern recognition, tagging/annotation,
information extraction, data mining techniques including link and
association analysis, visualization, and predictive analytics. The
overarching goal is, essentially, to turn text into data for analysis, via
application of natural language processing (NLP) and analytical
methods.
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3 JtiEiA(N-gram)

N 1B %T?&fﬁ’fﬁﬁ" FARIN-1{E {51 SENE R SR 8

o FEAIMITRT A E(Representation)

154 ... to be or not to be ...

— JTiGi% (unigram) ..., to, be, or, not, to, be, ...

— Jtigi& (bigram) ..., to be, be or, or not, not to, to be, ...
=JtiEiE (trigram) ..., to be or, be or not, or not to, not to be, ...

o E{IA]LLEFEEA
o AILEIERAIMIMEER, REASFEAL
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R ngram packages

>x<-"ababa"

> library(ngram)

> ng <- ngram(x, n=3)

> get.phrasetable(ng)
ngrams freq prop

laba 20.6666667

2bab 10.3333333

o LIZEHPREIGA=E
o TEAMRHX
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o ERATHELTEZAIN-gramBIEKEL
o EHitrigramXFE
o AERXFERN(EH: wordcloud2)

P KYPER




D | mmam |

o {ZFHEA(Stop words)
FEADEE

o FEIXIM'the’, ‘at'ZF, H3CANM, *
o IREAFIOR

o FALlEha]

o HNEEZER
o EiR{KiHEA
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o HIELIZER[REGHE
“Donald Trump and Recep Tayyip Erdogan deliver joint statements
at the White House on Tuesday in Washington DC.”

o TR - Tokenization

o M1 Gl .JE.JEE ic, BiNEEE AR
o “THRXBEXEBIEAEH"

o RE@I“:éﬁEﬂE#-mebaR
o XIEEREILIRIEFHTE
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JiebaRA%

Ed
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> library(jiebaR)

> gseg <= "R 22 ENE SR ER"
—ARtE =

> words = "#iFt 2R ER T 2 ER"
> tagger = worker()

> tagger <= words

[1] Ilﬁ%_l_%ll "ZEE" |I}§*SI_II "$£|-£§'" "E,‘]" Il%ﬁ%ll
&5 = =5}

ZECEAITE

> tagger = worker("tag")

> tagger <= words
nt Y n n uj n

Il%ﬁé_l_%" ll%" Il;ﬁ*sl'll ll*sl_%" IIE/‘]" Il%ﬁ%"

Ed
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Term frequency ) ni j
. tf,: = :
n—.l%E = RE:‘H:IIIEE"J&‘E& o Ek Tk j
Inverse document frequency D
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tfidfid = tfi,j X ldfl
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tf-idfia e

To do is to be.

To be is to do.
- d‘,-

To be or not to be.
| am what | am.

& >4

| think therefore | am.
Do be do be do.

“d

Do do do, da da da.
Let it be, let it be,

dy dy ds dy
1 to 3 2 - -
2 do 0.830 - 1073 | 1.0/3
3 is 4 - - -
4 be - - - -
o or - 2 - -
6 not - 2 - -
7 | - 2 2 -
8 am - 2 1 -
9 what - 2 - -
10 think - - 2 -
11 | therefore - - 2 -
12 da - - - 5170
13 let - - - 4
14 it - - - 4
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o B EN/FEEAXEE
o HHZERLLIEIBERE
o HEHTIIE
o fmIMNBEIEFE, MNEFEIE
o FEECHVEREIRINFH
o BIEAMEEA A REHmetadata
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word2vec

o i55A|BR 5T | 7] = ZEfiE] 1
e BERE{fwordVectorsa]{#f on _ king
Recurrent Neural Networks

0.5

o Attention#Fll woman
o UHE WEZERIEIEA
ﬁ;ﬂ/: 00 0.25 05 0.75
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Lt & Bigram R g &al 2 B B T-idfR 2= Al
REsvMB GG EEEIRS

# 2= ClusteringBg$E &

Euclidean distance v.s. Cosine distance

—_—

P KYPER







9 Reference

oN

e https://github.com/bmschmidt/wordVectors

e https://cran.r-project.org/web/packages/tmi/t
m.pdf

e https://www.r-project.org/nosvn/pandoc/jieba
R.html
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